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AHoTarnjis. Y craTrTi 06rpyHTOBaHO NeAaroriyHMy NOTeHIliaJ FeHEPaTUBHOIO LITYYHOTO
iHTesnekty (GenAl) sik iHCcTpyMeHTy AudepeHLiHOBaHOrO HaBYaHHS aHIJIIMCbKOI MOBU Yy
3aKJ/1aZlaX BUILLOI OCBITU. AKTYaJIbHICTb JAOC/IP)KEHHA 3yMOBJIEHA HEOJHOPIJHICTI0O piBHIB
MOBHOI MiAATOTOBKU CTYAEHTIiB, NOTpe6OH aJanTyBaTH HaBYyaJbHI MaTepiaid Jo
iHAUBiAyaZIbHUX OCBITHIX NOTpe6 1 CTPIMKMM NOIIMPEHHSM TIeHepaTUBHUX Mojesed y
UGpPOBOMYy OCBITHbOMY cepefioBUli. Ha BigMiHy Bia mifxo/iB, 1110 po3r/isaAaiTh IITYYHAR
iHTesIeKT mnepejyciM sK 3aci6 aBTOMAaTHYHOTO CTBOPEHHsS TEKCTiB abo mepekaaay, y
JocaipkeHHi GenAl KOHIENTya1i30BaHO AK MeJaroriYyHuy iHCTpyMeHT KepoBaHOI ajanTauyii
HaBYaJIbHUX 3aBJaHb A0 piBHIB A2, B1 i B2 BianoBigHO A0 3arajJbHOEBPONENCHKUX
pekoMeH/anii 3 MoBHOI ocBiTH (CEFR). MeTof0/10TiuHy OCHOBY CTaHOBJATb NPUHIMIU
JudepeHliiOBaHOTO W  NepCOHaJ/i30BAaHOTO HaBYaHHS, KOMIIETEHTHICHUM  miaxif,
neckpuntopu CEFR, 3aBiaHHEBo-opieHTOBaHe HaBYaHHs MOBM (task-based language
teaching) Ta cydacHi gocnimxeHHss GenAl y MOBHiM ocCBiTi. 3acTOCOBaHO aHasi3, CUHTES3,
NOpiBHAAHHSA, CHUCTeMaTHU3allilo M y3araJbHeHHd HAyKOBHUX JKepeJs, IeJaroriyHe
MO/IeJIDBAHHA Ta KOHTEHT-aHaJIi3 NPUK/IAZIB 3aBJAHb i3 NiATPUMKOIO IITYYHOI'O IHTEJIEKTY.
OCHOBHMM pe3yJIbTaTOM € aBTOPCbKa MoJeJsb AudepeHnialii 3 MiATPUMKOI LITY4YHOTO
IHTeJIeKTy, L0 OXOIUIKE [IarHOCTUKY pIiBHA CTYAEHTa, BU3HAYE€HHA HaBYaJIbHOI MeTH,
KOHCTPYIOBaHHS NPOMIITY, a/lallTallil0 IEKCUKH, TpaMaTUKH, 06CATY 3aBJaHHSA Ta KOTHITUBHOI
CKJIaIHOCTi, BAKOHAHHS 3aBJJaHHSA CTYJl€HTOM, 3BOPOTHUH 3B’A30K 3a MiATPUMKHU LITYYHOTO
iHTeJsieKTy, NepeBipKy BUKIaZa4yeM i pedJiekcito. AHasi3 3acBifuuB, 1o GenAl HalgoLiNbHIilIE
3aCTOCOBYBATH TOJI, KOJIU BiH MiATPUMYE, a He 3aMillye BHKJaJaya: AOIIOMAarae rotyBaTu
pi3HOpiBHEBiI MaTepiasy, 3abe3neudye cKadoJJUHT, Bapilo€ IHCTPYKIil, MOJeNI0€E CUTYyallil
npodeciiiHoi KOoMyHikaljii Ta miaTpUMye GopMyBaJbHUKA 3BOPOTHUM 3B’sI30K. Bu3HaueHO
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KJII0YOBi yMOBUY edeKTUBHOI iHTerpauii GenAl: 4yiTko chopMysibOBaHi pe3yibTaTh HaBYaHHS,
BianoBigHicTb CEFR, nmoctynoBe yckiagaHeHHs, II- Ta nudpoBa rpaMoTHICTh BHUKJIaAAviB i
CTy/ZleHTiB, 000B’I3KOBa NepeBipKa 3TeHEPOBAHUX MaTepiasiB, akajeMiuHa AOOPOYECHICTH i
3aXMCT JaHuX. HaykoBUUM BHeCOK mNoJiAra€e B MOEAHAHHI AudepeHLIiHOBaHOTO HaBYaHHS,
KOHCTPYIOBaHHA 3aBJaHb 3 opieHTanieo Ha CEFR | reHepaTUBHOro LITY4YHOTO iHTEJIEKTY B
€IMHIN nejaroriyHiid Mmogesni. [[pakTUYHe 3HaYEeHHSI AOC/II)KEHHS MOB’A3aHe 3 MOXKJIUBICTIO
3aCTOCOBYBaTH MOJeJb Yy Kypcax aHIJIiMCbKOI MOBU JJi CTyZeHTIiB HedisooridyHux
creliaJIbHOCTEeN, 30KpeMa aHIJiNCbKOoi MOBU A1 npodeciiiHux uined (ESP), y HaByaHHI Ha
msaTdopMi Moodle Ta B iHIIKMX IUPPOBUX CepeOBUILAX.

KitouoBi cnoBa: reHepatuBHHH IWITYy4YHUH IHTeJeKkT, ChatGPT, jgugepeHnirioBaHe
HaBYaHHS, NepcoHaJi3alis, aHrjaicbka MoBa, CEFR, yugpoBizalis, BUIA OCBITa, aHIJIIHCHKA
MOBAa JJI IPOQECIHHUX LIJIEH, aZanTalid 3aBJaHb.

GENERATIVE ARTIFICIAL INTELLIGENCE AS A TOOL FOR DIFFERENTIATED ENGLISH
LANGUAGE LEARNING IN HIGHER EDUCATION: TASK ADAPTATION ACCORDING TO CEFR
A2-B2 LEVELS

Melnyk Oksana Volodymyrivna
Senior Lecturer, English Language and Communication Department, Faculty of Romance and
Germanic Philology,
Borys Grinchenko Kyiv Metropolitan University, Kyiv, Ukraine
https://orcid.org/0000-0003-3293-3887

Kyselova Iryna Illivna
Senior Lecturer, English Language and Communication Department, Faculty of Romance and
Germanic Philology,
Borys Grinchenko Kyiv Metropolitan University, Kyiv, Ukraine
https://orcid.org/0009-0000-2702-0544

Tereshchuk Mariia Oleksandrivna
Lecturer, English Language and Communication Department, Faculty of Romance and
Germanic Philology,
Borys Grinchenko Kyiv Metropolitan University, Kyiv, Ukraine
https://orcid.org/0009-0008-8167-5208

Abstract. The article substantiates the pedagogical potential of generative artificial
intelligence (GenAl) as a tool for differentiated English language learning in higher education.
The relevance of the study is determined by the heterogeneity of students’ language
proficiency, the need to adapt instructional materials to individual learning needs, and the
rapid expansion of generative models in digital educational environments. Rather than treating
artificial intelligence primarily as a tool for automatic text generation or translation, the study
conceptualizes GenAl as a pedagogical instrument for controlled adaptation of learning tasks
to A2, B1, and B2 proficiency levels according to the Common European Framework of
Reference for Languages (CEFR). The methodological framework combines principles of
differentiated and personalized learning, the competence-based approach, CEFR descriptors,
task-based language teaching, and recent research on GenAl in language education. The study
applies analysis, synthesis, comparison, systematization and generalization of scholarly
sources, pedagogical modelling, and content analysis of examples of Al-supported tasks. The
main result is an author-developed Al-supported differentiation model comprising learner-
level diagnosis, definition of the learning objective, prompt design, adaptation of vocabulary,
grammar, task length and cognitive complexity, student performance, Al-supported feedback,
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teacher verification, and reflection. The analysis demonstrates that GenAl is most pedagogically
appropriate when it supports rather than replaces the teacher: it can facilitate the preparation
of multi-level materials, provide scaffolding, vary instructions, model professional
communication situations, and support formative feedback. The study identifies key conditions
for effective GenAl integration: clearly defined learning outcomes, alignment with CEFR,
gradual increase in complexity, Al and digital literacy of teachers and students, mandatory
verification of Al-generated output, academic integrity, and data protection. The scholarly
contribution lies in integrating differentiated instruction, CEFR-oriented task design, and
generative Al within a single pedagogical model. The practical value of the study is associated
with the possibility of applying the model in English language courses for non-linguistic majors,
including English for Specific Purposes (ESP), Moodle-based learning, and other digital
environments.

Keywords: generative artificial intelligence, ChatGPT, differentiated learning,
personalization, English language, CEFR, digitalization, higher education, English for Specific
Purposes, task adaptation.

1. INTRODUCTION

Relevance of the problem. Digitalization of higher education is changing not only the
means of transmitting educational information but also the logic of educational process design.
One of the most visible factors in these changes is the spread of generative artificial intelligence
(GenAl), which can create, reformulate, explain, and adapt language material in dialogue mode.

Analysis of recent research and publications. Recent research reviews demonstrate a
rapid increase in empirical studies of GenAl in language education, with higher education and
English language learning among the dominant research contexts [1; 2; 3]. At the same time,
the technological accessibility of GenAl does not automatically imply pedagogical effectiveness.
The quality of the output depends on the formulation of the learning task, the ability to
construct an appropriate prompt, the verification of generated material, and its alignment with
the educational objective. Studies of ChatGPT use in English language learning demonstrate its
potential for feedback, writing, motivation, and learning interaction, while also identifying
risks of overreliance, cognitive overload, content errors, and academic misconduct [4; 5; 6].

Identification of the unresolved part of the problem. A separate challenge is the
heterogeneity of language proficiency among students in non-linguistic majors. Students in the
same course may demonstrate proficiency ranging from A2 to B2; therefore, an identical task
does not ensure the same level of accessibility or an appropriate degree of learning challenge
for everyone. Differentiation involves variation in content, process, level of support, and
expected outcome. In a digital environment, GenAl can substantially reduce the time required
to prepare such variants, but only under pedagogical control.

Thus, the research problem is not whether GenAl should be used in English language
classes, but how it can be integrated into a pedagogical model so that technology supports
differentiation, personalization, and language competence development rather than replacing
students’ independent activity.

Purpose of the article. The purpose of the article is to provide a theoretical rationale and
pedagogical model for using generative artificial intelligence as a tool for differentiated English
language learning among higher education students by adapting tasks according to CEFR
A2-B2 levels.

To achieve this purpose, the following objectives were defined:

e to analyze current approaches to using GenAl in English language teaching in higher
education;

« to identify the possibilities of GenAl for differentiating language tasks according to
CEFR A2-B2 levels;

* to develop a model of Al-supported adaptation of learning tasks;
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» to determine pedagogical conditions for effective and ethical use of GenAl;

» to outline directions for further empirical verification of the proposed model.

The object of the study is the process of teaching English to higher education students
in conditions of digitalization.

The subject of the study is the pedagogical potential and conditions of using generative
artificial intelligence for differentiation and adaptation of English language learning tasks
according to CEFR A2-B2 levels.

Research questions:

RQ1. How can GenAl be integrated into the differentiation of English language tasks
according to CEFR A2-B2?

RQ2. Which components of a task can be effectively adapted with the support of GenAl?

RQ3. What pedagogical and ethical conditions are necessary for effective application of
GenAl in differentiated learning?

Scientific novelty. The scientific novelty of the study lies in integrating differentiated
instruction, CEFR-oriented task design, and generative Al within a single pedagogical model of
task adaptation for A2-B2 levels, in which the final decision on the task remains with the
teacher.

Practical significance. The model can be applied in English language courses for non-
linguistic majors, including English for Specific Purposes (ESP), Moodle-based learning, and
other digital environments, where a teacher needs several versions of one task for students
with different proficiency levels.

2. RESEARCH METHODOLOGY

Research methods. The study applies analysis, synthesis, comparison, systematization
and generalization of scholarly sources, pedagogical modelling, and content analysis of
examples of Al-supported tasks.

Data sources. The source base comprises peer-reviewed publications on GenAl in
language education and in English language teaching in higher education, including systematic
reviews and a meta-analysis, as well as CEFR descriptors for the A2, B1, and B2 levels.

Analysis tools. Comparative tables of task parameters by proficiency level and by type
of language activity, together with an example of a structured pedagogical prompt, were used
as the main instruments of modelling (Tables 1, 2).

Research limitations. The study is theoretical and does not include experimental data
on student performance. The effectiveness of the proposed model therefore requires empirical
verification.

2.1. Research design and logic

The study has a theoretical and modelling character and does not claim to present new
experimental results concerning the performance of a particular group of students. This design
was chosen deliberately because the original manuscript contained data on digital gamification
rather than an experiment with GenAl. To avoid fabrication or falsification of results, empirical
indicators from the previous version were not transferred to the new topic. Instead, the results
are presented as an author-developed pedagogical model based on an analysis of contemporary
research and CEFR principles.

The methodology combines systematization of contemporary scholarly works on GenAl
in language education, analysis of the pedagogical potential of generative models, comparison
of Al-supported functions at different levels of language competence, and modelling of
differentiated tasks. This approach corresponds to the current state of the field, where a
substantial part of research focuses on perceptions of GenAl, writing, and feedback, whereas
personalized and behavior-oriented applications require further development [1; 3].

2.2. Theoretical foundations

The first foundation is differentiated instruction, in which the learning objective remains
stable while the complexity of language material, amount of support, type of instruction, pace,
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and form of the outcome may vary. The second is personalization, which involves considering
the learner’s current level, professional interests, and learning needs. The third is the CEFR as
a common framework for describing language competence. In this article, A2, B1, and B2 are
used as operational reference points for task construction rather than rigid boundaries of an
individual learner’s abilities.

The fourth foundation is task-based language teaching. A systematic review and meta-
analysis conducted in 2025-2026 indicates the positive potential of GenAl for language
learning while emphasizing the role of Al literacy, task planning, and assessment in the
effectiveness of Al-supported learning [7]. Therefore, GenAl should be embedded in a
pedagogical scenario rather than used as an isolated digital service.

2.3. Stages of Al-supported differentiation

An eight-stage sequence is proposed:

» diagnosis of the student’s level and identification of the learning need;

 formulation of a specific language learning outcome;

 determination of differentiation parameters;

e preparation of a structured prompt for GenAl;

e generation and preliminary selection of adapted material;

« student completion of the task;

e combination of Al-supported feedback with teacher assessment;

« reflection and adjustment of the next level of complexity.

The key principle is “teacher-in-the-loop”: the final decision concerning the alignment
of a task with the learner’s level and learning objective is made by the teacher. This is
particularly important because GenAl may produce factual, linguistic, or stylistic errors and
may either oversimplify or unnecessarily complicate material.

3. RESULTS

3.1. Author-developed model of Al-supported differentiation

The result of theoretical modelling is a three-level model of task adaptation for A2-B2.
[t assumes that the basic communicative situation and learning objective may remain common,
while linguistic and cognitive parameters of the task are changed according to proficiency level.

Table 1. Parameters of Al-supported task adaptation according to CEFR A2-B2 levels

Parameter A2 Bl B2 GenAl function
Common + .
broader Professional, Simplification/complication
Vocabulary Frequent, concrete . abstract
professional of vocabulary
vocabulary
vocabulary
N C 1
Combination of ompiex
. sentences, . .
. main tenses e Adaptation of grammatical
Grammar Basic structures conditionals, .
and modal ) complexity
! passive
constructions .
constructions
. Extended,
Text Short, 100-150 Medium, 2?8_288 Change of length and
words 180-250 words information density
words
. Glossary, model . Minimal . .
Scaffolding y Partial prompts Generation of scaffolding
answer prompts
Short Structured Argumen.tatlve L .
Product . oral/written | Variation of practice formats
utterances/paragraph | text/dialogue
product
. . lain, . .
. . identify, match, expial evaluate, Increase in cognitive
Cognitive action . compare, L .
describe . justify, argue operation level
summarize
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3.2. Example of adaptation of a professional task

Basic topic: “Cybersecurity and Password Safety”. The common learning objective is
that the student explains the principles of safe password use in English. For A2, GenAl can
generate a short text with frequent vocabulary, a list of key words, and a matching exercise. For
B1, it can generate an informational text with professional vocabulary, a task requiring
explanation of causes and consequences, and a short written message. For B2, it can generate
a case involving a violation of a password policy, a task for risk evaluation, argumentation, and
recommendations for a team.

Example pedagogical prompt: “Create three versions of an English learning task on
password safety for university students at CEFR A2, B1 and B2. Keep the communicative goal
identical. Adapt vocabulary, grammar, text length, cognitive demand and scaffolding. Do not
introduce information that is not included in the source material. Provide an answer key and
identify language items that require teacher verification.”

Such a prompt is only an instrument for material preparation. Its output must be
checked by the teacher for CEFR alignment, accuracy of professional information, naturalness
of English, and compliance with the curriculum.

3.3. Differentiation by language activity

Table 2. Differentiation of tasks by type of language activity

Activity A2 B1 B2
+
: Short text + Text : Analytical text +
Reading : comprehension + s .
matching critical questions
summary
Writin 5-7 sentences using Structured Argumentative
& a model paragraph/email response/report
. Role-play dialogue Problem-solving Debate, pres_entatlon,
Speaking . professional
model dialogue . .
discussion
Listenin Short utterances Dialogue/interview + More authentic
& with support notes material + inference

3.4. Pedagogical conditions for effectiveness

» alignment of Al adaptation with a specific learning outcome;

e use of CEFR as a reference for complexity rather than an automatic diagnostic
algorithm;

» mandatory teacher verification of Al-generated material;

 gradual development of students’ Al literacy, including skills for critical evaluation of
responses;

» prohibition of using GenAl as a substitute for independent work where students’ own
language production is being assessed;

« transparent declaration of Al use in accordance with academic integrity policies;

e minimization of the transfer of personal and confidential data to external Al services.

4, DISCUSSION

Interpretation of results. The model shows that GenAl is pedagogically appropriate in
differentiated learning when it works at the level of micro-adaptation of a task and does not
replace the teacher. The learning outcome remains common for the group, while vocabulary,
grammar, text length, scaffolding, and the cognitive operation change according to the
proficiency level.

Comparison with other studies. The resulting model is consistent with trends in
contemporary research on GenAl in language education. A systematic review of 144 empirical
studies showed that research in 2023-2024 shifted from predominantly exploratory inquiries
toward more systematic and empirically driven investigation of language skills, learning
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processes, and GenAl integration [14]. A review of 49 empirical classroom-based studies
likewise demonstrated the dominance of higher education and English language learning, while
identifying a need for more behavioral research and customized applications for personalized
learning [7].

Mahapatra’s findings [12] confirm the potential of ChatGPT for supporting students’
academic writing, whereas Woo et al. [15] showed that Al-supported writing can be motivating
and satisfactory for students but may also create substantial cognitive load, particularly when
they are learning to work effectively with prompts. This means that the presence of GenAl alone
does not guarantee differentiation: students need clear rules, prompt templates, and training
in critical verification of outputs.

The meta-analysis by Li, Shadiev, and Chiu [10] is particularly relevant to the proposed
model because it demonstrates a positive effect of GenAl on language learning and identifies Al
literacy, task planning, and the evaluator’s role as moderators of effectiveness. Therefore, the
proposed teacher-in-the-loop principle is not a technical limitation but a pedagogical quality
condition.

The systematic review by Wang et al. [13] and the classroom-focused review by Lee et
al. [7] confirm the need to move from the question “whether to use Al” to the question “how to
pedagogically design its use.” For differentiated learning, this means that Al should operate at
the level of micro-adaptation: changing vocabulary, grammar, length, number of prompts, and
cognitive operation while maintaining a common learning outcome.

At the same time, the model has limitations. First, CEFR cannot be reduced completely
to automatic determination of text difficulty because language competence is multidimensional.
Second, the quality of Al output depends on the model, prompt, and context. Third,
differentiation may turn into excessive simplification for weaker students or into a technically
complex system for teachers. Therefore, an empirical study should compare control and
experimental groups, pre-test/post-test results, motivation, language outcomes, and the quality
of students’ work.

Thus, the proposed model does not replace the existing pedagogical logic of
differentiation but expands it with a digital instrument. Its principal distinction from a purely
technological approach is the preservation of pedagogical control, a common learning objective,
and transparent assessment criteria.

Scientific novelty (extended). In contrast to approaches that treat GenAl mainly as a
means of text generation or translation, the proposed model links CEFR-oriented task design,
differentiated instruction, and the teacher-in-the-loop principle within one sequence of stages,
from level diagnosis to reflection.

Practical significance (extended). The level parameters (Table 1), the differentiation of
language activities (Table 2), and the example prompt can be used by teachers of English for
non-linguistic majors, in particular in ESP courses and Moodle-based learning, to prepare
multi-level versions of one task without changing the common learning objective.

5. CONCLUSIONS

The article substantiates the feasibility of using generative artificial intelligence as a tool
for differentiated English language learning among higher education students. Analysis of
contemporary research shows that GenAl has considerable potential for supporting language
learning, including the generation and adaptation of materials, formative feedback, writing,
and personalized interaction. At the same time, the effectiveness of the technology is
determined not by the tool itself but by the pedagogical design of its application.

An Al-supported differentiation model based on CEFR A2-B2 levels has been developed.
It includes level diagnosis, definition of the learning objective, adaptation of vocabulary,
grammar, length, cognitive complexity, and scaffolding, task performance, Al-supported
feedback, teacher verification, and reflection. A practical outcome is the possibility of
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maintaining a common communicative goal for a group while creating different pathways for
achieving it.

Further research should empirically test the model with students from different majors
and CEFR levels. A quasi-experimental study with pre-test/post-test measurements,
comparison of control and experimental groups, analysis of motivation, language outcomes,
writing and speaking quality, and Al literacy would be appropriate. A separate research
direction is the study of long-term effects of personalized Al support and its influence on
student autonomy.

The proposed model requires further empirical validation before causal claims about
learning gains can be made. Future experimental or quasi-experimental research should
therefore report transparently collected data and clearly specified assessment procedures.
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