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Annotation. The relevance of the study is due to the intensive introduction of InsurTech
solutions into insurance activities, accompanied by the transfer of a significant part of the risk
assessment and insurance claim settlement processes to the realm of algorithmic models.
Under these conditions, tension is growing between the technological rationality of automated
solutions and the socio-ethical nature of insurance as an institution of trust. The opacity of
algorithms, the blurring of responsibility for their results, and the use of indirect behavioral and
spatial data highlight the need for scientific understanding of the limits of acceptable
automation of insurance decisions.

The purpose of the article is to justify approaches to ensuring a coordinated combination
of algorithmic automated decisions and human judgment in the context of InsurTech
development, taking into account ethical constraints and the practical needs of the modern
insurance market.

The research methods are based on a logical and analytical understanding of the
processes of insurance digitalization, a structural and functional analysis of the role of
algorithms and humans in insurance decision-making, and a generalization of the results of
modern empirical and applied research in the field of InsurTech and behavioral economics.

The research results show that the implementation of InsurTech forms hybrid models of
insurance decision-making, in which algorithmic tools ensure the efficiency and scalability of
standard operations, while human judgment remains decisive in context-dependent,
controversial, and financially significant cases. It has been established that the key problems of
using InsurTech are related to the limited explainability of algorithmic models, institutional
uncertainty of liability, and risks of indirect discrimination against policyholders.

The conclusions are that ethical restrictions in InsurTech systems should be implemented
through procedural mechanisms of human control rather than through formal restrictions on
automation. It has been proven that preserving the role of humans in areas with a high cost of
error contributes to increasing the stability of digital insurance systems and maintaining trust
in insurance.
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Prospects for further research are related to the quantitative analysis of the effectiveness
of various models of human intervention in algorithmic insurance decisions, the development
of ethical audit tools, and the study of the long-term impact of algorithmization on the behavior
of policyholders and the structure of insurance portfolios.

Key words: algorithmic decision-making, digital transformation of insurance, model
explainability, human oversight, risk of discrimination, decision accountability, hybrid
governance models, trust in insurance institutions.

IHHOBawjii Ta eTuKa B enoxy InsurTech: 6a/1anc Mmi>k aBTOMaTH3a1i€10 Ta JIIDACBKUM
CyAKeHHAM

AHoTanig. AKTyaJbHICTb JOC/HIJP)KeHHA 3yMOBJIEHA IHTEHCMBHUM BIPOBA/KEHHAM
InsurTech-pimeHp y cTpaxoBy JifJIbHICTB, L0 CYNPOBOJXKYETbCA NepeHeCeHHAM 3Ha4yHOI
YaCTHUHU NpoLeCiB OLiHIOBAHHA PU3UKIB i BperyJloBaHHA CTPAXOBUX BUMNAJKIB Y IJIOLUHY
aJTOPUTMIYHUX MoJesied. 3a LHUX YMOB 3pOCTAa€ HANpPYXeHHS MDXK TexXHOJIOTIYHOI0
pauioHa/IbHICTIO AaBTOMAaTU30BaHUX pillleHb I CoLlia/IbHO-eTUYHOI0 IPUPOJ0I0 CTPAaXyBaHHA AK
iHCTUTYTY fOBipU. Henpo3opicTb aropyuTMiB, pO3MUTICTD BiANIOBIJA/ILHOCTI 3a IX pe3yJIbTaTH
Ta BUKOPUCTAHHS HeNpPSIMUX MOBEJIHKOBUX i NPOCTOPOBUX JAHUX aKTyasli3ylOTb NOTPeOy
HAyKOBOI'0 OCMUCJIEHHA MeX JONYyCTUMOI aBTOMaTH3alii CTpaXOBUX pillleHb.

MeTa cTaTTi nossirae B OOIpyHTYBaHHI MNiX0JiB [0 3abe3meyeHHs Y3rOJKEHOTO
NOEJHAHHA AJTOPUTMIYHUX ABTOMATU30BaHUX pillleHb i JIIOACHKOrO CyJPKeHHA B yMOBaX
po3BUTKY InsurTech 3 ypaxyBaHHSIM eTUYHUX 0OMeKeHb Ta NPAKTUYHUX NOTPebd Cy4acHOro
CTPaxo0BOI'0 PUHKY.

MeTou pocaiP)KeHHA I'PYHTYHOTbHCA Ha JIOTIKO-aHaJIiITUYHOMY OCMHUCJIEHHI MpoleciB
nudpoBizalii cTpaxyBaHHS, CTPYKTYPHO-QYHKI[iOHAJbHOMY aHasi3i poJsii ajroputmiB i
JIIOJWHU y TNPUUHATTI CTPAXOBUX pillleHb, a TAaK0X y3arajJbHeHHI pe3yJbTaTiB Cy4aCHUX
eMIipUYHUX | IPUKIaJHUX AocaikeHb y cdepi InsurTech Ta noBegiHKOBOI EKOHOMIKH.

Pe3ynbTaTy focaii)KeHHA 3aCBiJUYIOTH, 1110 BlipoBapKeHHs InsurTech dopmye riopuani
MoJieJli IPUMHATTSA CTPAXOBUX pillleHb, Y AKUX aJrOPUTMI4YHI iIHCTpYMeHTH 3a6e3MedyloTh
epeKTHUBHICTh 1 MacmITaboBaHICTh CTAaHJAAPTHHUX oOlepalid, ToAi SIK JIOJACbKe CyJKEeHHS
36epira€e BU3Hava/bHe 3HAa4eHHS Y KOHTEKCTHO 3aJIeKHUX, CHipHUX i GiHAHCOBO 3HAYYIIUX
BUIIa[iKaX. BcTaHOB/eHO, 10 KJOYOBi mpo6seMyd BukopucTaHHs InsurTech mos’s3aHi 3
0O0MeKeHOI TMOSICHIOBAHICTIO aJFOPUTMIYHUX MoJeJsied, iHCTUTYLiMHO HeBU3HA4YEeHIiCTIO
BiIMTOBiJa/ILHOCTI Ta pU3MKaMU HellpAMOI JUCKPUMIiHALlil CTpaxyBaJlbHUKIB.

BHUCHOBKM NOJIATalOTh Y TOMY, 110 eTU4YHI 06MexkeHHs B cucTeMax InsurTech pouinbHo
peasi3oByBaTH 4yepe3 MpoLeAypHi MexaHi3MU JIIJCbKOTO KOHTPOJIIO, a He yepe3 popmMasibHe
3BY)KeHHs1 aBToMaTHu3allii. JloBeZieHo, 1110 36epexkeHHs PoJii JIIJUHY Y 30HaX NiIBULIEHOI I[iHU
INOMUJIKM CHPHUSAE MiJABUILEHHIO CTIMKOCTI IUPPOBUX CTPAXOBUX CHUCTEM i MiATPUMaHHIO
JOBIpHU 10 CTpaxyBaHHA.

[lepcrnieKTUBY MOAANBIIUX AOC/I/PKEHD OB’ A3aHi 3 KiJIbKICHUM aHaJ1i30M e(peKTUBHOCTI
pi3HUX MoJieJied JIACbKOT0 BTPYYaHHS1 B aJTOPUTMIi4YHI CTpaxoBi pillleHHS, PO3BUTKOM
IHCTPYMEHTIB €TUYHOI'0 ayAUTY Ta BUBYEHHAM JOBIOCTPOKOBOI'0O BIJIUBY aJIlOPUTMi3allil Ha
NOBEJIIHKY CTPaxyBaJ/IbHUKIB i CTPYKTypy CTpaxoBUX NOpTeTiB.

Kiro4yoBi cjso0oBa: aiaropuTMmiyHe NPUHHATTA pilieHb, LudpoBa TpaHchopMalia
CTpaxyBaHHS, IMOSICHIOBAHICTb MoOJeJiel, JIIOACbKUU KOHTPOJIb, PU3UK JAUCKPHUMIiHalii,
BiINOBIJa/IbHICTD pillleHb, FiOpUAHI ynpaBJiHCbKI MO, J0Bipa 0 CTPaXOBUX IHCTUTYTIB.

Bcetyn (Introduction)

The rapid introduction of digital technologies into insurance activities is gradually
changing the very logic of decision-making in this area. Algorithmic systems used in InsurTech
solutions for risk assessment and insurance claims settlement are increasingly replacing or
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supplanting individual expert judgment. Under such conditions, the efficiency of processes
increases, but the decision-making procedure itself becomes less understandable for
participants in insurance relations, and responsibility for the results is blurred between
developers of digital models, insurers, and platform users. This creates tension between the
logic of automated calculation and the social nature of insurance as an institution of trust and
risk sharing.

The problem with such a transformation lies not only in the technical or organizational
limitations of algorithms, but also in the change in the ethical principles of insurance decisions.
Formalized risk models do not always accurately reflect the individual circumstances of the
insured, especially in atypical or borderline situations. As a result, there may be situations
where a formally justified automated decision is perceived as unfair or discriminatory. The lack
of a clearly defined role for human judgment exacerbates information asymmetry and
complicates the protection of the rights of consumers of insurance services.

This problem is directly related to current scientific challenges concerning the
combination of the economic efficiency of digital innovations and the regulatory and ethical
restrictions on their use. Of interest are the limits of algorithmic autonomy in financial
decisions, as well as mechanisms for embedding ethical principles in digital insurance
platforms. In practical terms, this is related to the need to develop InsurTech models in which
automation does not remove humans from the process of making key decisions, but is used as
a tool to support expert assessment. Solving this set of tasks determines not only the
competitiveness of insurance companies, but also the level of trust in insurance in the context
of the further digitalization of financial markets.

An analysis of recent studies on innovation and ethical challenges in InsurTech shows that
the digital transformation of insurance is seen not only as a technological process, but also as a
profound change in the principles of trust, responsibility, and decision-making. In this context,
a number of authors emphasize the role of automation in expanding access to insurance
services and forming new mechanisms of trust. Thus, in the work of G. Visagamurthy, digital
trust is interpreted as an ethical category formed at the intersection of algorithmic efficiency
and the responsibility of insurance institutions to their customers [16]. V. Kavade and co-
authors emphasize that in the FinTech-InsurTech ecosystem, automation is becoming a
determining factor in the scaling of insurance services, while weakening traditional
mechanisms of personalized risk assessment [6]. K. A. M. Ali Albasheir points out that
information technology is transforming insurance from a field of expert decisions into a field of
digital management of data flows and models [2].

The second group of scientific publications focuses on the practical application of artificial
intelligence and algorithmic models and the associated ethical risks. L. Ricciardi Celsi and A. Y.
Zomaya justify the need for systematic management of Al ethics, emphasizing that the lack of
explainability of algorithms in financial services creates risks of displacing human judgment
[12]. N. Singhal and co-authors, analyzing decentralized insurance models, show that
automated smart contracts, while eliminating intermediaries, complicate the determination of
responsibility for decision-making errors [14]. ]. Liu and co-authors argue that the active
implementation of InsurTech increases the innovativeness of insurance companies, but at the
same time makes them critically dependent on the quality of algorithms and data [8].

The third group of works is related to the analysis of institutional, regulatory, and
organizational consequences of insurance automation. A. Braun and R. Jia view InsurTech as a
structural change in the insurance market that promotes standardization and speed of
processes, while narrowing the scope for individual professional judgment [3]. O. Manta and
co-authors focus on the risks of non-transparent algorithmic decisions and potential
discrimination against policyholders in digital systems [9]. S. Eti and co-authors, analyzing the
European experience of InsurTech development, emphasize the need to align innovative
investments with ethical standards and regulatory frameworks [4].
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The fourth group of studies focuses on customer centricity and preserving the role of the
human factor in digital insurance ecosystems. ]. John and co-authors, based on bibliometric
analysis, show that despite the rapid growth in the number of InsurTech studies, the
humanitarian and ethical aspects of automation remain secondary [5]. M. Shivani and co-
authors consider InsurTech-oriented bancassurance as a form of integration of digital
platforms and personalized customer interaction [13]. S. Ahmad and co-authors argue that the
digital transformation of insurance requires active human involvement in strategic and morally
complex decisions [1]. D. Srinivas and co-authors emphasize that excessive automation can
undermine customer trust even as operational efficiency increases [15]. Additional aspects of
responsibility and trust in automated insurance systems are discussed in works on
decentralized insurance and Al ethics management [14; 12].

Despite a significant amount of research in the field of InsurTech, issues related to the
comprehensive analysis of the transformation of insurance decision-making processes remain
unresolved. Existing works mainly focus on individual technological or regulatory aspects,
which does not allow for a clear definition of the functional limits of the use of algorithmic
models and the role of human judgment in risk management, underwriting, and insurance
claims settlement. Ethical issues of algorithm opacity, blurred responsibility, and potential
discrimination against policyholders also remain insufficiently addressed, mostly being
considered declaratively and without proper applied justification. The proposed study aims to
address these gaps through a systematic analysis of the interaction between algorithmic
decisions and human judgment in digital insurance systems. The work allows us to clarify the
limits of acceptable automation of insurance processes, specify the ethical risks of InsurTech,
and justify practical approaches to the integration of human control mechanisms, which
deepens the scientific understanding of the problem and enhances the applied value of the
study.

The aim of this article is to justify approaches to ensuring a balanced combination of
automated algorithmic solutions and human judgment in the context of InsurTech
development, taking into account ethical constraints and the practical needs of the modern
insurance market.

The aim of the article:

1. To study the transformation of insurance decision-making processes in the
context of digitalization and the implementation of InsurTech solutions.
2. To determine the functional limits of the application of algorithmic models and

the role of human judgment in insurance processes, taking into account ethical and managerial
aspects.

3. To justify practical approaches to integrating human control mechanisms and
ethical principles into InsurTech systems.

PesysbTaTth (Results)

The transformation of decision-making processes in insurance under the influence
of digitalization and the spread of InsurTech. The digitization of the insurance market is
gradually changing the nature of management and operational decisions, which were
previously based primarily on the professional experience of underwriters and standardized
statistical approaches. The spread of InsurTech solutions is shifting the focus toward
algorithmic processing of data arrays, where automated models for risk assessment, loss
forecasting, and real-time decision-making play a key role. This transformation is not linear or
uniform: in different insurance segments, digital tools are replacing human judgment with
varying degrees of intensity, forming hybrid management models. At the same time, the
importance of non-financial data, in particular behavioral and contextual data, is growing,
which expands the information base for decision-making but complicates its interpretation and
verification. As a result, insurance decisions are increasingly being made as a result of a digital



AKAJIEMIYHI BI3II

Bunyck 47/2025

system rather than individual expert assessment. This changes not only the speed and cost of
operations, but also the approach to responsibility for the consequences of decisions made. The
human factor does not disappear completely, but recedes to the level of control, correction, or
intervention in exceptional cases. This restructuring of decision-making logic creates new
functional roles within insurance organizations and requires a rethinking of traditional
management procedures (Table 1).

Table 1
Transformation of decision-making processes in insurance under the influence of
digitalization
s Digitalized (InsurTech
Process component Traditional model & ( )
model
Historical statistics, customer Big data, behavioral and
Data sources . . o
questionnaires external digital data

Expert and semi-

Risk assessment Algorithmic, model-based

standardized
. . Delayed, with multi-stage Almost instantaneous, in real
Speed of decision-making e :
verification time
Human role Central in all stages Control or corrective
. . . : Often limited due to th
Transparency of decisions Relatively high, explainable en imitec aue to the

complexity of algorithms

Source: compiled by the author based on [1; 2; 3; 5; 16]

In modern insurance company practice, this transformation is implemented through the
gradual introduction of algorithmic modules into existing management systems. For example,
in the auto insurance segment, automated scoring systems are used for the initial classification
of customers by risk level based on data about driving style, frequency of trips, and spatial
characteristics of movement. In such cases, decisions on rates or insurance eligibility are made
without the direct involvement of an underwriter, while human judgment is only used to review
non-standard or appeal cases [2]. Similar logic is applied in property insurance, where digital
platforms combine satellite imagery, property data, and loss history to automatically update
risk profiles. A notable practical example is the insurance company Lemonade, which uses Al
algorithms to automate the settlement of insurance claims in the home and rental insurance
segment. In typical situations, customers submit a claim via a mobile app, after which the
system analyzes the data based on pre-trained models and makes a decision on payment
without involving an insurance expert. According to the company, a significant proportion of
minor insurance claims are processed within seconds, demonstrating the practical effect of
replacing human judgment with algorithmic judgment in standard cases [7]. At the same time,
complex or potentially controversial cases are automatically transferred for manual review,
confirming the use of a hybrid decision-making model. At the level of insurance claim
settlement, InsurTech solutions generally allow for the automation of preliminary damage
assessment by analyzing photos and videos uploaded by customers through digital channels. In
practice, large insurers use such tools to speed up payments for mass risks and reduce the
workload on expert services [16]. At the same time, management control focuses on validating
algorithms, monitoring errors, and periodically adjusting models, which indicates a change in
the role of humans from direct decision-makers to controllers and those responsible for the
functioning of the digital system.
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Specifics of applying algorithmic models and data in risk management,
underwriting, and insurance claims settlement. The use of algorithmic models in insurance
is developing as a differentiated practice linked to specific risk management, underwriting, and
claims settlement functions. Digital tools are primarily used in processes where risk can be
formalized through sets of variables and statistical dependencies, and decisions are subject to
scaling. At the same time, the heterogeneity of insurance products and events determines
different levels of acceptable automation: from almost completely algorithmic decisions in
standard types of insurance to fragmentary support for expert analysis in complex or non-
standard cases. Under these conditions, data becomes a central element of management, and
the effectiveness of algorithms directly depends on their relevance and contextual relevance
(Table 2).

Table 2
Specifics of using algorithmic models and data in insurance processes
Types of algorithmic .
Insurance process yp & Nature of data Level of automation
models
) Historical,
. Forecast, scenario, . .
Risk management . macroeconomic, Limited
correlation
external factors
Underwritin Scoring, classification Questionnaire, High
8 & behavioral, telematic g
Settlement of Recognition and Visual, text, .
. . : Selective
insurance claims anomaly models transactional

Source: compiled by the author based on [1; 6; 8; 9]

In practice, this algorithmic structure functions as a system of hierarchical filters that
distributes the flow of decisions according to their level of complexity. In risk management,
algorithmic models are used to identify changes in the portfolio structure and signal risk
concentration, but they do not perform the functions of final management decisions. For
example, the results of scenario modeling are used to justify management decisions regarding
reinsurance or limit adjustments, but the choice of strategy itself remains with top management
[9]. In underwriting, algorithmic systems operate in batch mode, ensuring uniformity and
reproducibility of tariff decisions. In practice, this manifests itself in a reduction in risk
assessment time from days to minutes, which is especially important for digital sales channels.
At the same time, for risks with increased value or non-standard parameters, algorithmic
assessments perform an auxiliary function, serving as the basis for further expert
interpretation. In the field of insurance claims settlement, algorithmic models are used for the
initial classification of claims, assessment of typical losses, and identification of anomalies that
may indicate errors or abuse. Practice shows that it is at this stage that digital tools allow for
combining processing speed with the concentration of specialists' attention on problematic
cases [9]. This organization of processes increases the operational efficiency of insurance
companies while preserving the possibility of human intervention where formalized models
lose the necessary sensitivity to context.

The growing role of algorithmic models in insurance is confirmed by the results of
industry surveys of insurance companies in the US and European countries conducted in 2022-
2024 by consulting and analytical organizations. In particular, according to a study by McKinsey
& Company conducted among large and medium-sized insurers in North America and the EU,
in 2022, only about 25-30% of companies used machine learning or artificial intelligence (Al)
tools in key operational processes, primarily in underwriting and loss analysis [10]. By the end
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of 2023, the share of such companies had grown to over 40%, which was associated with the
scaling of digital sales channels and the automation of typical insurance claims settlement. More
rapid growth is expected in 2024-2025. According to Deloitte Insurance Outlook's global
survey of insurance companies in the US, UK, Germany, France, and Scandinavia, about 70-76%
of insurers reported using Al tools or generative models in at least one business function,
including underwriting, risk management, or claims settlement [10]. Thus, the use of
algorithmic models is gradually moving from pilot projects to standard operating practice (Fig.
1).

The spread of algorithmic and Al solutions in
insurance

80
X
4 60 —
E /
% 40 / == Percentage of insurers using AI/ML
S 20
o
= 0
E 2022 2023 2024 2025
E Year

Fig. 1. The spread of algorithmic and Al solutions in insurance
Source: compiled by the author based on [10; 11]

This trend reflects the accelerated spread of algorithmic and Al solutions in insurance
companies in developed insurance markets, primarily in the US and European Union countries.
Practice shows that the primary driver of growth has been the automation of underwriting for
mass insurance products and the digitization of standard insurance claims settlement, where
algorithmic solutions demonstrate the greatest economic effect. At the same time, survey
results show that even with a high level of Al implementation, final management decisions in
complex or financially significant cases usually remain with human experts. This means that
the recorded growth in the share of companies using algorithmic models is not synonymous
with the complete automation of insurance processes, but reflects the formation of a hybrid
management model characteristic of the modern InsurTech environment.

The role of human judgment in digital insurance systems and the limits of its
replacement by automated tools. In digital insurance systems, human judgment no longer
plays a universal role. Automated decisions cover a significant portion of typical operations, but
this does not mean that human involvement has been completely eliminated. Practice shows
otherwise: the algorithm works as long as the situation fits within a predetermined framework.
As soon as a non-standard combination of factors or legal uncertainty arises, the automated
mechanism becomes insufficient. At such points, human intervention becomes a necessary
condition for decision-making, rather than just a formality. Functionally, human judgment in
digital insurance is not related to the speed or scale of data processing, but to responsibility for
the consequences of the decision. Algorithmic models are capable of working correctly within
statistically repeatable scenarios, but they do not fully take into account the context of the
insured event, its causal nature, or the legal nuances of contract interpretation. This is where
the limits of replacing humans with automated tools become apparent (Table 3).
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Table 3
Functional differentiation of the roles of humans and automated tools in digital
insurance
Decision-making stage Automated tools Human judgment

Formulation of an initial Algorithmic calculations and L .

. Intervention in atypical cases
proposal template scenarios
Assessment of complex risks | Limited analytical support Interpretation of context
Resolution of disputes Preliminary technical review Final de.Cl.S ron and

responsibility

Compliance monitoring Logging and monitoring Audit and legal assessment

Source: compiled by the author based on [3; 12; 14; 15]

In insurance practice, this is implemented through predetermined intervention
thresholds. Thus, in mass insurance, minor insurance events are settled automatically, while
losses with ambiguous circumstances are immediately referred to experts. In the corporate
segment, the algorithm can calculate tariff or limit options, but the decision on risk acceptability
is made by a person, taking into account experience, customer reputation, and legal restrictions
of the contract. In practice, this often means manually adjusting the algorithmic proposal, even
if it is formally economically acceptable [3]. From a scientific and applied perspective, such a
model demonstrates the functional limitations of algorithmic insurance decisions. Human
judgment is not eliminated, but concentrated in areas of increased error weight. It is in these
areas that automation ceases to be the dominant principle and switches to a support mode,
allowing insurance companies to avoid systemic decisions that are correct from a model
perspective but unacceptable from an institutional or legal point of view.

Integration of ethical principles and human control mechanisms into InsurTech
systems. The use of InsurTech solutions in insurance raises a number of issues that go beyond
questions of efficiency or speed of data processing. First and foremost, there is the opacity of
algorithmic models, where the mechanism for setting rates or refusing claims is virtually
impossible to explain in terms that are understandable to the policyholder. In practice, this
means that there is no clear answer to the question of why clients receive different decisions
under formally similar conditions. Such opacity complicates not only communication with the
client, but also internal quality control of decisions, as the algorithm begins to function as a
“black box” even for the insurance company itself. Another problem area is the blurring of
responsibility for decisions made on the basis of algorithms. Automated systems are involved
in key stages of the insurance process, but are not formally responsible. In the event of an error
or system failure, responsibility is shared between the developer, the platform owner, and the
insurer, creating a situation of institutional uncertainty [15]. In such conditions, the risk of
negative consequences is effectively shifted to the policyholder, who is unable to influence the
logic of the algorithmic decision. The issue of potential discrimination arising from the use of
indirect risk indicators is particularly sensitive. Algorithmic models can correlate insurance
decisions with a customer's place of residence, behavioral patterns, or digital footprints
without formally recording discrimination. As a result, restrictions on access to insurance
protection become hidden, making them difficult to detect and assess legally. These effects are
exacerbated by the dependence of models on historical data, which already reflects structural
market imbalances. In practice, these problems are exacerbated by the lack of established
approaches to ethical review of algorithms and uneven regulatory control [12]. The focus of
InsurTech solution evaluation is primarily on financial indicators and operational efficiency,
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while the social consequences of algorithmization remain secondary. This creates a situation in
which technically correct solutions may be unacceptable from the point of view of fairness or
trust, but do not violate any formal norms. This is one of the key scientific and practical
contradictions of modern InsurTech.

Integrating ethical principles into InsurTech systems in practice requires not declarative
codes, but procedural decisions embedded in the daily work of insurance companies. First and
foremost, it is advisable to limit the scope of fully automated decisions by clearly defining the
categories of cases in which the algorithm cannot be the final decision-maker. In mass insurance
products, automation may remain dominant, but for financially significant, controversial, or
atypical situations, there should be a mandatory transition to human review without the formal
nature of such intervention. Practice also shows the advisability of introducing internal
algorithmic control that is not limited to checking the technical correctness of models. This
involves regularly evaluating decisions in terms of their impact on different groups of
policyholders, identifying indirect discriminatory effects, and recording cases of systemic
distortion of results. It is advisable to integrate such control into risk management or
compliance functions, rather than leaving it solely in the responsibility of IT departments. Of
particular importance is ensuring the explainability of algorithmic decisions to the extent that
is practically sufficient for internal and external use. In insurance systems, this can be achieved
not through full disclosure of the model, but through the ability to reproduce the logic of the
decision in the form of key factors that influenced the rate, refusal, or amount of payment. The
existence of such mechanisms reduces conflicts with the insured and at the same time facilitates
control by the regulator. An important practical recommendation is to institutionalize the role
of humans not as an “exception to automation,” but as a permanent element of responsible
decision-making. This involves establishing areas of personal responsibility for experts for the
results of algorithmic work, particularly in cases where digital recommendations have been
accepted or rejected. Under such conditions, human control ceases to be a formality and
becomes a factor in restraining risky or socially sensitive decisions. In summary, the practical
integration of ethical principles into InsurTech should take place through the gradual
restructuring of management procedures, rather than through technological restrictions alone.
The effectiveness of such decisions is manifested not in a reduction in the level of automation,
but in the ability of insurance systems to maintain a balance between the economic feasibility
of algorithms and the need for human control where the cost of error goes beyond purely
computational logic.

BucHoBKH

The study found that the development of InsurTech is shaping a hybrid model of
insurance decision-making, in which automated algorithms handle standard situations, while
human judgment is focused on areas of increased uncertainty and responsibility. It has been
shown that algorithmization increases the operational efficiency of insurance, but at the same
time exacerbates institutional and ethical contradictions related to the opacity of models,
blurring of responsibility, and the possibility of indirect discrimination against policyholders.
It has been found that these problems are not purely technological in nature and are caused by
the specifics of data use, the management logic of digital platforms, and the prioritization of
economic efficiency over the social consequences of decisions. The feasibility of integrating
human judgment into digital insurance systems through procedural mechanisms of control,
explainability, and personal responsibility has been substantiated, which allows preserving the
institutional legitimacy of insurance without abandoning the advantages of automation.
Prospects for further research are related to the quantitative analysis of the effectiveness of
various models of human intervention in InsurTech, the development of tools for ethical
auditing of algorithms, and the assessment of the long-term impact of algorithmization on the
trust of policyholders and the stability of insurance portfolios.
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